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Hawkes process is a class of simple point processes that is self-exciting and has clustering effect.
The intensity of this point process depends on its entire past history. It has wide applications in
finance, insurance, neuroscience, social networks, criminology, seismology, and many other fields.
In this paper, we study linear Hawkes process with an exponential kernel in the asymptotic
regime where the initial intensity of the Hawkes process is large. We establish large deviations
for Hawkes processes in this regime as well as the regime when both the initial intensity and
the time are large. We illustrate the strength of our results by discussing the applications to
insurance and queueing systems.

1. Introduction
Let N be a simple point process on R and let F; > := o(N(C),C € B(R),C C (—o0,t])

be an increasing family of o-algebras. Any nonnegative F, “°-progressively measurable
process \; with

E [N(a,b]|F; <] =E

b
/ )\sds’}'a_“] , almost surely,
a

for all intervals (a,b] is called an F; *°-intensity of N. We use the notation N; := N(0, ¢]
to denote the number of points in the interval (0, ¢].
A Hawkes process is a simple point process N admitting an F; *°-intensity

A= A (/_; bt — s)st) , (1.1)

where A(:) : Rt — RT is locally integrable, left continuous, ¢(-) : RT — R* and we
always assume that [¢l|;2 = [;° @(t)dt < oo. In (1.1), ff;o ¢(t — s)dN, stands for
Y rey @(t —T), where 7 are the occurrences of the points before time ¢. In the literature,
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2 Gao and Zhu

@(-) and A(-) are usually referred to as exciting function (or sometimes kernel function)
and rate function respectively. A Hawkes process is linear if A(+) is linear and it is non-
linear otherwise.

The linear Hawkes process was first introduced by A.G. Hawkes in 1971 [17, 18]. Tt
naturally generalizes the Poisson process and it captures both the self-exciting! property
and the clustering effect. In addition, Hawkes process is a very versatile model which is
amenable to statistical analysis. These explain why it has wide applications in insurance,
finance, social networks, neuroscience, criminology and many other fields. For a list of
references, we refer to [32].

Throughout this paper, we assume an exponential exciting function ¢(t) := ae™P*
where «, § > 0, and a linear rate function A\(z) := p + z where the base intensity p > 0.
That is, we restrict ourselves to the linear Markovian Hawkes process. To see the Markov
property, we define

t t
Zy = / ae PN, = Z - e Pt —|—/ ae PUE=9)gN,.

oo 0

Then, the process Z is Markovian and satisfies the dynamics:
dZy = —pZdt + ad Ny,

where N is a Hawkes process with intensity Ay = p+ Z;_ at time ¢. In addition, the pair
(Z, N) is also Markovian. For simplicity, we also assume Zy = Z;_, i.e., there is no jump
at time zero.

In this paper we consider an asymptotic regime where Zy = n, and n € RT is sent
to infinity. This implies the initial intensity A\g = p + Zp is large for fixed p. Our main
contribution is to provide the large deviations analysis of Markovian Hawkes processes in
this asymptotic regime as well as the regime when both Zy and the time are large. The
rate functions are found explicitly. Our large deviations analysis here complement our
previous results in [14], where we establish functional law of large numbers and functional
central limit theorems for Markovian Hawkes processes in the same asymptotic regimes.

For simplicity, the discussions in our paper are restricted to the case when the exciting
function ¢ is exponential, that is the Markovian case. Indeed, all the results can be
extended to the case when the exciting function ¢ is a sum of exponential functions. And
for the non—Markovian case, we know that any continuous and integrable function ¢
can be approximated by a sum of exponential functions, see e.g. [37]. In this respect, the
Markovian setting in this paper is not too restrictive. From the application point of view,
the exponential exciting function and thus the Markovian case, together with the linear
rate function, is the most widely used due to the tractability of the theoretical analysis as
well as the simulations and calibrations. See, e.g., [1, 2, 7, 17] and the references therein.

To illustrate the strength of our results, we apply them to two examples. In the first
example, we develop approximations for finite—horizon ruin probabilities in the insurance

1Self-exciting refers the phenomenon that the occurrence of one event increases the probability of
the occurrence of further events.
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Gao and Zhu 3

setting where claim arrivals are modeled by Hawkes processes. Here, the initial arrival
rate of claims could be high, say, right after a catastrophe event. In the second example,
we rely on our large deviations results to approximate the loss probability in a multi—
server queueing system where the traffic input is given by a Hawkes process with a
large initial intensity. Such a queueing system could be relevant for modeling large scale
service systems (e.g., server farms with thousands of servers) with high—volume traffic
which exhibits clustering.

We now explain the difference between our work and the existing literature on limit
theorems of Hawkes processes, especially the large deviations. The large—time large de-
viations of Hawkes processes have been extensively studied in the literature, that is the
large deviation principle for P(N;/t € -) as t — oo. Bordenave and Torrisi [6] derived the
large deviations when A(-) is linear and obtained a closed-form formula for the rate func-
tion. When A() is nonlinear, the lack of immigration-birth representation ([17]) makes
the study of large deviations much more challenging mathematically. In the case when
¢(+) is exponential, the large deviations were obtained in Zhu [37] by using the Markovian
property, and A(-) is assumed to be sublinear so that a delicate application of minmax
theorem can match the lower and upper bounds. For the general non-Markovian case, i.e.,
general ¢(-), the large deviations was obtained at the process-level in Zhu [38]. The large
deviations for extensions of Hawkes processes have also been studied in the literature,
see e.g. Karabash and Zhu [24] for the linear marked Hawkes process, and Zhu [35] for
the Cox—Ingersoll-Ross process with Hawkes jumps and also Zhang et al. [31] for affine
point processes. Other than the large deviations, the central limit theorems for linear,
nonlinear and extensions of Hawkes processes have been considered in, e.g., [4, 36, 35].
Recently, Torrisi [27, 28] studied the rate of convergence in the Gaussian and Poisson
approximations of the simple point processes with stochastic intensity, which includes as
a special case, the nonlinear Hawkes process. The moderate deviations for linear Hawkes
processes were obtained in Zhu [34], that fills in the gap between the central limit the-
orem and large deviations. Also, the large—time limit theorems for nearly unstable, or
nearly critical Hawkes processes have been considered in Jaisson and Rosenbaum [21, 22].
The large-time asymptotics for other regimes are referred to Zhu [32]. The limit theo-
rems considered in Bacry et al. [4] hold for the multidimensional Hawkes process. Indeed,
one can also consider the large dimensional asymptotics for the Hawkes process, that is,
mean-field limit, see e.g. Delattre et al. [9].

We organize our paper as follows. In Section 2, we will state the main theoretical
results in our paper, i.e., the large deviations for the linear Markovian Hawkes processes
with a large initial intensity. We will then discuss the applications of our results to two
examples in Section 3. We prove Theorems 1 and 2 in Section 4. Technical proofs for
additional results will be presented in the online appendix due to space considerations.

2. Main results

In this section we state our main results. First, let us introduce the notation that will be
used throughout the paper and introduce the definition and the contraction principle in
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the large deviations theory that will be used repeatedly in the paper.

2.1. Notation and background of large deviations theory

We define Rt = {z € R: 2 >0} and R>¢g = {z € R: 2 > 0}. We fix T' > 0 throughout
this paper. Let us first define the following spaces:

e D[0,T] is defined as the space of cadlag functions from [0, 7] to R>¢.

e AC.[0,T] is defined as the space of absolutely continuous functions from [0, 7] to
R>q that starts at = at time 0.

e ACS[0,T] is defined as the space that consists of all the non-decreasing functions

f e AC,[0,T).

We also define B.(x) as the Euclidean ball centered at x with radius € > 0.

Before we proceed, let us give a formal definition of the large deviation principle and
state the contraction principle. We refer readers to Dembo and Zeitouni [10] or Varadhan
[29] for general background of large deviations and the applications.

A sequence (P,)nen of probability measures on a topological space X satisfies the
large deviation principle with the speed a, and the rate function I : X — [0,00] if [
lower semicontinuous and for any measurable set A, we have

— inf I(z) <liminf L log P,,(A) < limsup L log P,(A) < — inf I(x).
TEA® n—00 Qp n—oo dn z€A
Here, A° is the interior of A and A is its closure. The rate function I is said to be good
if for any m, the level set {z : I(x) < m} is compact.

The contraction principle concerns the behavior of large deviation principle under
continuous mapping from one space to another. It states that if (P,),cn satisfies a large
deviation principle on X with a good rate function I(-), and F is a continuous mapping
from the Polish space X to another Polish space Y, then the family Q,, = P, F~! satisfies
a large deviation principle on Y with a good rate function J(-) given by

J = inf I(z).
(y) oid (z)

2.2. Large deviation analysis for large initial intensity

In this section we state a set of results on large deviations behavior of Markovian Hawkes
processes when Zy = n is sent to infinity. Note that processes Z and N both depend on
the initial condition Zy = n and we use Z™, N to emphasize the dependence on Zy = n.
We consider the process Z™ first.

Theorem 1. P ({%Zt”, 0<t< T} € ) satisfies a sample-path large deviation principle
on D[0,T] equipped with uniform topology with the speed n and the good rate function

T / / !
11(0) :/0 Bg(t)(jg (t) log <ﬁg(t) +yg (t)> 3 <ﬁg(t) +9'(t) g(t)) i, (2.)

ag(t) e
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if g € AC1[0,T] and ¢' > —fBg, and Iz(g) = 0o otherwise. Moreover, ]P’(%Z;l € ) satisfies
a scalar large deviation principle on R™ with the good rate function

HwT) =t o) (22)
= sup{fx — A(T;0)}. (2.3)
0cR

where A(t;0) satisfies the ODE (Ordinary Differential Equation):

Al(t;0) = —BA(t;0) 4+ A0 1, (2.4)
A(0;0) = 6. (2.5)

Four remarks are in order.

(a)

(b)

When g(t) = e(®= ) for t € [0, T], one immediately verifies from (2.1) that I;(g) =
0. This is consistent with the functional law of large numbers for {%Zt”, 0<t< T}
in [14].

Note that ¢/(t) = —Bg(t) for any 0 < ¢t < T corresponds to Z' = ZJe Pt = ne Pt
for any 0 < ¢ < T, which is equivalent to N7 = 0. We can compute that P(N} =
0125 = n) = e Jo (™)t hich gives — lim,, o0 L log P(Z] = ne=#,0 < t <
T) = fOT e~Ptdt which is consistent with I(g) = fOT e Btdt for g'(t) = —Bg(t) for
any 0 <t <T.

We have used A(t;6) instead of A(t) to emphasize that A takes value 6 at time
zero, and the derivative in (2.4) is taken with respect to t.

We have two equivalent expressions for the rate function .J: the first expression
(2.2) is directly implied by the sample—path large deviation principle together with
the contraction principle, and the second expression (2.3) is obtained via Gértner—
Ellis Theorem. See Section 4 for more details. In general, there are no analytical
formulas for A and the rate function J. But one can easily numerically solve the
ODE for A (e.g., Runge-Kutta methods) and then solve the optimization problem
in (2.3) to obtain the rate function J. An illustrative example is given in Figure 1.

Next we proceed to state a large deviation principle for P ({%Ntn, 0<t< T} € ) To
gain some intuition about the result, we note that

dZt = —Btht + OédNt,

which implies that

Zy— 7, t
N, = 2t °+§/st5.
0

(0%

Given Zy = n, equivalently we have

1 1 [zZr tzn
NP =~ (t - 1) + é/ =ds. (2.6)
n afog n
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(a) J(z;T) as a function of z. T' =5 is fixed. (b) J(x;T) as a function of T. z = 3 is fixed.
Figure 1: This figure plots the rate function J(x;T') in (2.3). The parameters are given
by: a=p=1.

Now if we define for ¢ € [0, T],

- O

(e}

then one readily verifies that the map g — h is a continuous map from D[0, T] to D[0, T
under the uniform topology. Therefore, by Theorem 1 and the contraction principle, we
can obtain the following result. The details of the proof is left to Section 4.

Theorem 2. P ({%Nt”7 0<t< T} € ) satisfies a sample-path large deviation principle
on D[0,T] equipped with uniform topology with the speed n and the good rate function

T W)
In(h) = [ () 1oy (eﬁt P T ds) 2.7)

t
- (h’(t) —e Pt~ e_ﬁt/ aeﬁsh'(s)ds> dt,

0

if h € AC{[0,T), and In(h) = oo otherwise. Moreover, P(N}/n € -) satisfies a scalar
large deviation principle on R>( with the good rate function

H(x;T) = h‘hi(Iil’f)‘:xIN(h) (2.8)

sup {GxC’ <T;0) Jrg}, (2.9)
0erR « «
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where C(t; £) solves the ODE
c’ <t; 9)
!
°(02)
«

Four remarks are in order.

(a) Notice that In(h) = fOT R(W (t),e Pt 4 =Pt fg aeP*h/(s)ds)dt, where R(z,y) =
x log (%) —x + vy, for any z,y > 0. It is easy to see that R(z,y) > 0 and
R(z,y) = 0 if and only if z = y. Therefore In(h) = 0 if and only if »'(t) =
e Bt 4 =Pt fot ae’*h!(s)ds for any 0 < t < T. Together with h/(0) = 1, we get
B’ (t) = el®=A* With the initial condition h(0) = 0, we get h(t) = fg ele=Msds =t

if « = and % if a # B. This is consistent with the functional law of large
numbers for {1 N7*,0 <t < T} in [14].

(b) Note that h = 0 corresponds to N7 = 0. We can compute that P(N%: = 0|Z] = n) =
e Jo (tne™?dt which gives —limy 00 L 1og P(NZ = 023 = n) = fOT e Ptdt,
which is consistent with Iy(h) = fOT e~Btdt for h = 0.

(¢) Similar as in Theorem 1, we use C(t; g) instead of C(t) to emphasize that C' takes

(2.10)

I
|
)
Q
/\
St
ol
~_
_|_
o
R
2
Sle
—_
_|_
‘Q
I

(2.11)

value % at time zero. The derivative in (2.10) is taken with respect to t.

(d) Similar as in Theorem 1, we have two equivalent expressions for the rate function
H. In general, there is no analytical formula for H. But one can easily numerically
solve the ODE for C (e.g., Runge-Kutta methods) and then solve the optimization
problem in (2.9) to obtain the rate function H. An illustrative example is given in
Figure 2.

2.2.1. Most likely paths

In this section, we compute the most likely paths to rare events for Hawkes processes
with large initial intensities. More precisely, we are interested to find the minimizer to
the variational problems in (2.2) and (2.8).

Fix z € R*. Let 6, be the unique maximizer to the optimization problem (2.3).2

Proposition 3. The minimizer to the variational problem (2.2) is given by

¢
g«(t) = exp (/ e 504) g ,Bt) , (2.12)

0

for0 <t < T, where A(s;0,) solves the ODE (2.4) with an initial condition A(0; 6,) = 0.

2Tt will be clear from the Proof of Theorem 1 that A(T;6) = limy—soo %logE[eeZﬂZO = n] if the
limit exists. So one readily verifies that A(T’;6) is convex in 6, and in fact strictly convex in 6 from (2.4).
Hence, there is a unique optimal 6 for the optimization problem (2.3).
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(a) H(z;T) as a function of x. T =5 is fixed. =~ (b) H(z;T) as a function of T. x = 5 is fixed.
Figure 2: This figure plots the rate function H(x;7T) in (2.9). The parameters are given
by: a=p=1.

Next we consider the variational problem (2.8). Let 0, be the unique maximizer to
the optimization problem (2.9).3

Proposition 4. The minimizer to the variational problem (2.8) is given by

t ) s N
0. 0.
hy(t) :/ exp|la-C|T—s— +a/ e CT—u) gy — fBs | ds, (2.13)
0 @ 0
for any 0 < t < T, where C(s; %) solves the ODE (2.10) with the initial condition
C(0; %) = &=

The proofs of these two propositions are deferred to the online appendix.

2.3. Large deviation analysis for large initial intensity and large
time

This section is devoted to a set of results on large deviations behavior of Markovian
Hawkes processes in the asymptotic regime where both Z; = n and the time go to
infinity. The proofs of these results are deferred to the online appendix due to space
considerations.

3Tt will be clear from the Proof of Theorem 2 that C(T; g) — g = limp— o0 % log E[eeNT |Zo =n] is
always convex in 6 if the limit exists. Indeed, from the ODE (2.10), the limit must be strictly convex.

Hence, there is a unique optimal 6, for the optimization problem (2.9).
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When the time is sent to infinity, Hawkes processes behave differently depending on
the value of ||¢||: (see, e.g., Zhu [32]). In our case, the exciting function is exponential:
#(t) = aePt. So we have the following three different cases: (1) critical: a = f3; (2)
super—critical: a > B; and (3) sub—critical: a < 8. We study each case separately.

2.8.1. Critical case

We first consider the critical case, i.e., a = 8 > 0.

Theorem 5. Assume that o« = 8 > 0. Let t,, be a positive sequence that goes to infinity
asn — 0o and lim,,_ o %” =0.
(i) For any T > 0, ]P’(ZtJ

i and the rate function

wT ¢ -) satisfies a large deviation principle on R with the speed

o a(yE—1)y

Iz(z) = T ifx >0,
and 400 otherwise. v
(i) For any T > 0, P( nt;‘nT € ) satisfies a large deviation principle on R with the

speed - and rate function

In(z) = sup {0z — A(0)},

where
Y=20 anh (_—\/E“\/fé)T) if <0,
MO =9 v Y :
The proof of this result relies on Gértner-Ellis theorem and Gronwall’s inequality for

nonlinear ODEs (see, e.g., [11, Theorem 42]) which arise from the characterization of the
moment generating functions of Z; and N;.

2.8.2. Super—critical case
We next state the result for the super—critical case where a > 3 > 0. Below, we use the

convention that co-0 = 0.

Theorem 6. Assume that > >0 and 0<T < 1. Let t,, = fﬁg Then,
(i) P( f{i? € -) satisfies a large deviation principle on RT with the speed nT and the

rate function fz(x) =0-1p=1 +00-1521.
(i) ]P’(gfz? € -) satisfies a large deviation principle on R>q with the speed n* and the

rate function Iy (z) = 0dpm 1 +00-Tpy 1

a—

We remark that the sequence {t,} in Theorem 6 can be taken to be more general. We
choose this particular {¢,} for the simplicity of notation. Notice that when Zy = n — oo,
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the initial intensity is p +n which is of the same order as n, and assuming p = 0, we can
easily compute that E[Z]] = ne(®=#)t, Thus choosing t,, = 1;% gives E[Z;" ] = n'*T,
which is notation-wise concise.

2.8.8. Sub—critical case

Finally, we state the large deviations results for the sub—critical case, i.e., 5 > a > 0.

Given Zy = z where z is a fixed constant and under the assumption 8 > « > 0, it is well

known that as t — oo, % — 1= almost surely and ]P’(% € -) satisfies a large deviation
B

principle, see e.g. [6]. So for Zy = n, it is natural to study the large deviations for N;;‘LT.

Theorem 7. Assume that > a > 0. For any T > 0, IP’(MT?T € -) satisfies a scalar
large deviation principle on R with the speed n and the rate function

Bx ) +az+1+u5T

ax+ 14 psT B ’ (2.14)

I(z) = xlog <
for x>0 and I(z) = 400 otherwise.

The proof of this result rely on Gértner-Ellis theorem and asymptotic behavior of the
solutions of certain nonlinear ODEs which arise from the characterization of the moment
generating function of V;.

Remark 8. We discuss the connections with existing results on large—time large de-
viations of Hawkes processes here. Since the dependence on the initial condition should
be self-evident here, we omit the superscript n for the processes Z and N. As we have
discussed in [14], when Zy = n, we can decompose Ny = Nt(o) + Nt(l), where N s q
simple point process with intensity Z(9), where

dz\” = —z{Vdt + adN”,

with Zéo) =n and N is a simple point process with intensity
t
)\El) = M+/ e A=) N,
0

That is, we can decompose the Hawkes process N into the sum of N©© and N, where
NO) s a linear Markovian Hawkes process with zero base intensity and initial intensity
Z(()O) = n and N is a linear Markovian Hawkes process with nonzero base intensity
w > 0 and empty history, i.e., N(l)(foo,O] = 0. This decomposition is valid due to the
immigration-birth representation of linear Hawkes processes [20]. One of the key results
from the immigration-birth representation is that the two processes N© and N qare
independent of each other.
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)
By letting p = 0 in Theorem 7, ]P’(% € -) satisfies a large deviation principle with

the rate function

I(O)(;c)xlog( B >ac a$+1.
xr

B

On the other hand, from Bordenave and Torrisi [6], P(—= Ny € -) satisfies a large deviation
principle with the rate function

|

IW@z)=T

T[T _|_zT, T

T p+ 55 TT B
Since N and NO are independent, we conclude that IP’(N:LT
deviation principle with the rate function

I(z) = inf {10y)+1"()}

\) satisfies a large

Notice that IV (x) = pT1© ( ) +uT (1 - 7) and 1) (x) is convex in x. Hence, by

Jensen’s inequality, we conclude that

— ©) (g — o (Y 1
I(x) Oguylfgz{l (x —y)+uTI <MT)}+MT<1 5)
1 T 1
= i O — N (ON _ -
(1+MT)O§Hyl£w{1+,uTI (x—y)+ 1+;LTI (MT)}+MT (1 5)
1 T 1
- O g K - =
(14 pT)I <1+MT(:E y) + T T> uT(l 5)

T
= (1+un) IO (2 T 177
(14 uT) <1+NT oy

which can be easily verified to be consistent with (2.14).

The next result is complementary to Theorem 7.

Theorem 9. Assume that f > «a > 0 and o > 0. Let t,, be a positive sequence that goes
to infinity as n — oo.

(i) If lim, o0 ;” = 0, then, for any T > 0, P(—=% Niyr € ) satisfies a large deviation
principle on R>q with the speed n and the rate functzon

I(O)(;p)xlog( >x+a$ﬂ+1.

\) satisfies a large deviation

ar+1

(i) If limy, o 2 = o0, then, for any T > 0, ]P’(

principle on R>q with the speed t,, and the rate functzon

EIO _r _£+£g+
7% \urzg) T TN
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Let us give some intuition behind the results of Theorem 9. Recall the decomposition
N; = Nt(o) + Nt(l) from Remark 8. Notice that Nt(i)T is of order ¢,, and that is because
of the large—time law of large numbers of the linear Hawkes process with a fixed initial
intensity p and empty history. Also notice that Nt(S)T is of order n. Let us explain. Notice

that from Z(go) = n we obtain E[Nt(o%] = J”TE[Zé(uO)]ds = nfOt”T ele=Fsds. As n — oo,
we have t,T — oco. But fooo ele=Fsds = ﬁ < oo for f > «a. Thus, Nt(% is of order
n. Hence, when lim,,_, %" = 0, N ‘dominates’ and we have result (i), and when

lim,,—s o0 % = 00, NV ‘dominates’ and we obtain (ii).

So far we have discussed the large deviations for the process N™ in the sub-critical
case. We next consider the large deviations for the process Z™ in the regime where Zy = n
and the time are both sent to infinity. Below, we use the convention that 0 - co = 0.

Theorem 10. Assume that 8 > a > 0,0 < v < 1, and t, := lﬁ(’%. For any 0 <
T<1-—7, IP(Z“ﬁ € -) satisfies a scalar large deviation principle on R with the speed

nl
n'=7T and the rate function

jz(x) =0-121 + 00" 1m;£1~

We remark that similar as in Theorem 6, here the sequence {¢,,} in Theorem 10 can be
taken to be more general. We choose this particular {¢,} for the simplicity of notation.

3. Examples and Applications

This section is devoted to two examples that apply the large deviations principle that
we have developed in the previous sections. The first example is on ruin probabilities
in the insurance setting, and the second example is on the finite-horizon maximum of
queue lengths in an infinite—server queue. We assume Markovian Hawkes processes can
adequately model the clustering behavior of events occurring in each application. While
this assumption may not be completely realistic, it enables us to illustrate the potential
strength of our large deviations analysis. Throughout this section, we write a,, = o(n) as
n — oo if the sequence of numbers a,, satisfies lim,,_, o a,,/n = 0.

3.1. Example 1: Ruin probability in insurance risk theory

In this example, we apply our large deviations results to approximate the finite horizon
ruin probability in a risk model in insurance mathematics.

Hawkes processes have been applied to insurance settings to accommodate the clus-
tering arrival of claims observed in practice, see, e.g. [8, 23, 26, 33]. When a natural
disaster such as an earthquake occurs, the claims typically will not be reported following
a constant intensity as in a homogeneous Poisson process. Instead, we expect clustering
effect in the claim arrivals after a catastrophe. In addition, the arrival rate of claims is
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typically high right after a catastrophe event. So one might use Hawkes processes with
large initial intensities to model such claim arrival processes, and it is of interest to study
the finite horizon ruin probability in a risk model where the claim arrivals are modeled
by such Hawkes processes.

To study the ruin probability, let us consider the surplus process of the insurance
company:

N

XP=Xg+pt—) Vi

i=1
Here, N" is the claim arrival process modeled as a Hawkes process with an initial intensity
p + n, and an exciting function ¢(t) = ae™P*; the constant p > 0 is the premium rate,
and we assume it is independent of n for simplicity; {Y;} are the non-negative claim sizes
which are independent and identically distributed, and {Y;} is independent of N™ and
n. Note that we use N” to emphasize the dependence on Zy = n.

We are interested in approximating the finite horizon ruin probability P(7" < T') for
fixed T" > 0 and large n, where 7™ is the ruin time of an insurance company and it is
defined as follows:

" :=inf{t > 0: X}" <0}.

We assume that the initial surplus at time 0 is given by X™(0) = nz, which is large,
as n — 00. In the usual setting of the finite horizon ruin probability problem for the
classical risk model, the ruin probability is exponentially small when the initial surplus
is large, see e.g. [3]. In our example, because NJ* is of the order n, the ruin will occur at
a finite time with probability one.

Notice that N™ satisfies a functional law of large numbers, see [14],

n

—+ w(t)’ — 0, almost surely as n — oo,

sup
o<t<T | M
ela—Bt_q

where ¥ (t) := for o £ 3, and ¥(t) :=t for « = . Therefore, as n — oo,

a—p
" = 7 :=inf{t > 0: 2 — E[Y1]¢(t) = 0}, almost surely.

Tt is easy to compute that (assuming that (o — B)ﬁ +1 > 0; otherwise 7°° will be c0.)

Iog((a—ﬂ)ﬁmﬁ-l)
oo ) ———pm for a # £,

ﬁ for a = f.
For any T > 7°, P(7" < T) — 1 as n — oo. For any T < 7°°, this probability will go
to zero exponentially fast as n — oo, and falls into the large deviations regime. In the
following we develop approximations for this probability P(r" < T)).

Let us assume that E[e?Y1] < oo for any 6 < 0+ and E[e?Y?] = oo otherwise, where
6T > 0 and we allow it to be +0o. We define VT as the subspace of D[0, o), consisting of

imsart-bj ver. 2014/10/16 file: Bernoulli_LDP_Gao_Zhu_accept.tex date: April 12, 2017



14 Gao and Zhu

unbounded nonnegative increasing functions starting at zero at time zero with finite vari-
ation over finite intervals equipped with the vague topology, see [25] . A Mogulskii-type

theorem says that, see e.g. Lemma 3.2. [25], P ({% Z}Zij Y;,0<t< oo} € ) satisfies a

large deviation principle on V** with the good rate function
/ A(gi(#))dt + 0% ga(c0), ifg=g1+g2 €V, g1 € ACo[0,00),
0

where
A(z) = sup {6z — log E[eeyl]} , (3.1)
0eR
and ¢ = ¢1 + g2 denotes the Lebesgue decomposition of g with respect to Lebesgue
measure, where go is the singular component and gs(00) = limy_ o g2(t). Note that if
0T = oo, then go = 0. Since {Y;} and N™ are independent, then Theorem 2 implies that

1 1|_nsj
P SN =S Y | 0<t<T0<s< 0 € -
ORI REEETERES

satisfies a large deviation principle on D[0, T] x V% with the good rate function Iy (h)+
Jo 7 A(gi(t))dt+ 6T gy (00), where the rate function I (h) is given in Theorem 2. It is easy

n 1nmn
to see that % va:tl Y; = % ZZ-LZI" N Y;. Hence, by the continuity of the first-passage-time

map, and the contraction principle, for any fixed 0 < T < 7°°, we have

P(r" < T) = ek gio— g (h(r) <o { IN (W) +[5° gy (1)) dt+67 ga(00) }+o(n)

_ it g gy <o { In (4[5 K(g;(t))dt+9+g2(h(T))}+o(n)7 (3.2)

as n — 0o. We can replace oo by h(T) in (3.2) since A(z) > 0 for any z > 0 and it is
zero for x = E[Y7] and go is also non-decreasing so that go(co) > g2(h(T)), and thus
the optimal g satisfies ¢ (t) = E[Y1] for ¢t > h(T) so that A(g}(t)) = 0 for t > h(T) and
42(00) = > (H(T)).

The expression (3.2) is not very informative, so we next simplify it to obtain a more
manageable expression which allows efficient numerical computations. We can first fix
g2(h(T)) and then optimize over g2(h(T)). By the convexity of A(-) and using Jensen’s
inequality, we obtain

Mry (1 mT) — (z— g2(h(T))
/0 A(gy(t)dt > h(T)A <h(T)/0 gl(t)dt> > h(T)A <h(T)> ,

where the second inequality is due to = — g1(h(T")) — g2(h(T)) < 0 and A(z) is non-

z—g2(h(T)) t. we

decreasing in z for > E[Y7]. On the other hand, by considering g7 (t) = )

4Here DI[0,T] is equipped with Skorokhod topology. In Theorem 1 and Theorem 2 we proved first
the large deviation principles hold in the Skorokhod topology.
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have

MO (2 ()
| Rayna = nerys (“=EIED).

This implies that (3.2) can be reduced to the following;:

P(r" < T) = e~ infns<a{ In (N HA(TIA (575 ) 407 2 1 o(n)

as n — oo. Therefore, we have

P(Tn < T) — efn-infy>072§l. infh:h(T):y{IN(h)+yK(Iy;Z)+9+z}+o(n)-

To further simplify the above expression, we note from Theorem 2 that P(NZ/n € -)
satisfies a large deviation principle with the rate function

0 0
H(z;T)= inf IN(h)—sup{GxC’(T;)qL}’
h:h(T)=z 9eR o o

where C' solves the nonlinear ODE given in (2.10) and (2.11). Hence, we conclude that
P(r" <T)=exp(—n-I.(x;T) 4+ o(n)) asn— oo,

where

—(x—2z
I-(x;T):= inf H(y; T A —— 0tz 5.
r(@T) y>10I,1z<z{ W) +y < y ) i Z}

We remark that the function H(y;T) + yA (’”—;Z) + 0Tz is convex in y. This is because
H(y;T) is convex in y and one can also verify directly from the convexity of A that
yA (%) in convex in y. It is also clear that H(y;T) + yA (%) + 6%z is convex in z. So

we can numerically obtain I (z; T) efficiently.

We now present a numerical example when Y; has a Poisson distribution with rate 1.
Then it is easy to see from (3.1) that A(v) = vlogv —v + 1 for v > 0 and A(v) = +o0
otherwise. Also in this case 67 = oo. Hence, we obtain

I(:T) = inf {H(y;T) oy (z —1—1log (;)) } . (3.3)

See Figure 3 for a numerical illustration.

3.2. Example 2: Finite—horizon maximum of the queue length
process in an infinite—server queue

In this example, we use our large deviations results to study certain tail probabilities in
an infinite—server queue in heavy traffic where the job arrival process is modeled by a
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(a) Ir(z;T) as a function of T. x = 0.5 is fixed. (b) Ir(x;T) as a function of z. T = 0.2 is fixed.

Figure 3: This figure plots I, (z;T) in (3.3). The parameters are given by: a = = 1.

Hawkes process with a large initial intensity. Such a queueing system could be relevant
for analyzing the performance of large scale service systems with high-volume traffic
which exhibits clustering. For background on infinite-server queues, their engineering
applications and related large deviation analysis, see, e.g., [15, 30, 5].

Consider a sequence of queueing systems indexed by n with infinite number of servers.
Jobs arrive to the n-th system according to a Markovian Hawkes process N™ with an
initial intensity u + n, and an exciting function ¢(t) = ae™?t. We use N™ to emphasize
the dependence on Zy = n. For simplicity, we assume that (a) n is large so the offered
load in the system is high; (b) the system is initially empty; (c) the processing time of
each job is deterministic given by a constant ¢ > 0.

We are interested in the finite-horizon maximum of queue length process in such
an infinite-serve queue, similarly as in [5]. Mathematically, we want to develop large
deviations approximations for the probability of the event

QB Qs > nx (3.4)
for fixed T > 0 and sufficiently large z, as n — oo. Here Q" is number of jobs (or busy
servers) in the n-th system at time s. For sufficiently large x, we note that (3.4) is a rare
event. This event corresponds precisely to the event of observing a loss in a queue with
nx servers, no waiting room, and starting empty.

It is well known that (see, e.g., [16]) for the n-th system with deterministic processing
time ¢, the queue length process Q™ can be represented by

Qi = N — N

t—c

where N =0 if t < 0 by convention. It is easy to see that the function ® mapping y to
§ where
y(t) = max{y(s) —y(s — o)},
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is continuous under the uniform topology. Since Theorem 2 states that ]P’(%N me )
satisfies a sample path large deviation principle with the good rate function Iy, we can
apply the contraction principle and obtain:

— n >
lim logIP’ ( r<naSXT QT > mc)

n—oo N

1
= lim logIP’<max —[NI — )
>

n—oo N 0<s<T n
= firéf {IN(h; T): r;lga%([h( s) — h(s —¢)] } (3.5)

where we use the notation Iy (h;T) to emphasize the dependence of Iy on T, as can be
clearly seen in (2.7).

Therefore, to develop large deviations approximations for P (maxo<s<7r Q"(s) > nx),
it remains to solve the optimization problem in (3.5). For T' < ¢, since h is a nondecreasing
function, then the infimum in (3.5) is simply

inf In(h;T)=H(x;T).
h(lip)zm N(v ) (Iv )

For T > ¢, the infimum in (3.5) is equivalent to:
o {Oégic hZhl(Ing In(h;s), cfliliT h:h(s)—lirLl(fs—c)Zr In(h; 5)} .

Now, let us solve the optimization problem:

inf IN(h; t).
h:h(t)—h(t—c)>x

Since

lim lim flogIP’(Nm’/n € B.(x)|Zy = ny) = —yH (z/y; 1),

e—»0n—oon

lim lim flogIP’(Z"/n € B(y)|Zo =n) = —J(y; 1),

e—>0n—oo n

and by the Markov property, we get

lim lim — log]P ([N{* = N{*.]/n € Be(x), Z{"_./n € Be(y)|Zo = n) (3.6)
e—~0n—oon

= —yH(z/y;c) = J(y;t — o),
and finally for sufficiently large x, by (36) and the contraction principle, we obtain
h:h(t)_lil(ft—c)Zx In(hit) = = lim lim ﬁ log P ([N — Ni]/n € Be(2)|20 = n)

= inf {yH(z/y;c) + J(y;t —c)}.
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Hence we conclude that the infimum in (3.5) is equivalent to the following expression:

G(z;T) := min {ngch(aj; s), . inf inf {yH(z/y;c)+ J(y;s —c)} (3.7)

<s<T y>0 } ’

where H and J are given in Theorem 1 and 2, respectively. This implies the following
approximation for T' > ¢ and sufficiently large x:

P (Orizsz Qr > n:c) =exp(—n-G(z;T) +o(n)), asmn — oo.

Since one can solve H and J numerically, we can then also obtain G by solving the
optimization problem in (3.7) numerically. We present an example in Figure 4.

14

o L L L L L L L L 02
1 2 3 4 B 6 7 8 o 10 1 2 3 4 s 6 7 8 9 10

(a) G(z;T) as a function of z. T =5 is fixed.  (b) G(z;T) as a function of T. z = 5 is fixed.

Figure 4: This figure plots G(x;T) in (3.7). We use parameters a = f =1,c = 1.

4. Proofs of Theorems 1 and 2

This section collects the proofs of Theorems 1 and 2.

4.1. Moment generating functions of Z; and IV

In this section we discuss the moment generating functions of Z; and N; for fixed t,
conditioned on knowing the value of Zjy. These functions play a critical role in proving
our large deviation results.

First, recall from [14, Section 3.2.1] the moment generating function of Z;:

ult, z) == E[e?%t|Zy = 2] = eAtO)zHB0) (4.1)
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where A(t; 0), B(t; ) satisfy the ODEs:
A'(t;0) = —BA(t; 0) + A 1, (4.2)
B'(t:0) = u (eO‘A(t;a) - 1) , (4.3)
with initial conditions A(0;0) = 6 and B(0;6) = 0. As remarked earlier, we have used
A(t; 0) instead of A(t) to emphasize that A takes value 0 at time zero, and the derivative
in (4.2) is taken with respect to t. We also write B(¢;0) instead of B(t) to stress that B

depends on the initial condition of A.
Next, we compute the moment generating function of N;. Recall that N, = Z=%o

gfot Zds. Thus, E[e?Nt|Z) = 2] = e_%zv(t,z), where

v(t, z) = E[egzﬁ'% Jo Ze43| Zg = z].

Recall that Z is a Markov process with the infinitesimal generator

AfE) =29 4 (4 Wl + @)~ F()

By Feynman-Kac formula, v satisfies the equation:

O = B0l (ot 2otz + @) — olt, 2]+ Dzt ),

with an initial condition v(0, z) = e«?. Therefore, by the affine structure, see e.g. [12],
one deduces that v(t, z) = e?E2)*+PEL)  where C(t; £), D(t; £) satisfy the ODEs:

c’ (t; 9) = -BC (t; 9) +e D) 14 8.C (0; 9) : (4.4)
o « «

D' (t; Z) —u (eaC“;%) - 1) , (4.5)

with initial conditions C(0; £) = £ and D (0; £) = 0. Thus we have

[e3%

stz on{((n2) o (62)) sen(a2)). ws

Finally, we remark that there exists some © > 0 such that the moment generating
functions in (4.1) and (4.6) are both finite for all § < ©. See [36].

4.2. Proofs of Theorems 1 and 2

We prove Theorems 1 and 2 in this section. For notational convenience, unless specified
explicitly, we use Z and N for Z™ and N™ when Zy; = n. We also use E[-] to denote the
conditional expectation E[-|Zy = n], and P(+) for the conditional probability P(:|Zy = n).
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Proof of Theorem 1. The proof is long, so we split it into four steps.

Step 1. We first establish a scalar large deviation principle for P (%ZT € -), using
Gértner-Ellis theorem.

From (4.1) we have

u(t, z) = E[e?%| Zy = z] = eABO=+BE0),

It is easy to see that since Z; process is positive, u(t, z) is monotonically increasing in 6.
Let us recall from Section 4.1 that A(t;0), B(t; 0) satisfy the ODEs:

A'(t;0) = —BA(t; 0) + A0 — 1,
B(t50) = o (2400 — 1)),
with initial conditions A(0;0) = 6 and B(0;6) = 0.
Let us first consider the critical and super-critical case, that is, &« > 8. When we have

a > B, for any A > 0, —BA + e** —1 > 0 and thus A(t;6) is increasing in t. It is
clear that for any 6 > 0, feoo A < 00. On the other hand, it is easy to see that

—BAterA-1
fooo W = 00. Therefore, for any fixed T > 0, there exists a unique positive value
0.(T) such that
e dA
— =T 4.7
/GC(T) —ﬁA + e"A —1 ( )

Hence, we conclude that for any fixed T' > 0, for any 0 < 6 < 0.(T"), A(T; 6) is the unique
positive value greater than 6, that satisfies the equation:

A(T;0) dA
/ B — (4.8)
] “BAt+ e A1

Now let us consider the case # < 0. When o > 3, —BA+e** —1 =0 when A = 0 or
when A = A, for some unique negative value A.. For 6 =0 or § = A., A(t;0) = 0 for
any t. For A, < 0 <0, A(t;0) is decreasing in ¢ and A(T';0) satisfies the equation (4.8).
For 6 < A., A(t;0) is increasing in t and A(T;0) < 0 and satisfies the equation (4.8).
When a = 8, —BA +e** —1 > 0 when A # 0. Thus, for any § < 0, A(t;0) is increasing
in t and A(T;0) < 0 and satisfies the equation (4.8) and also A(t;0) = 0. Also, it is easy
to see that for 8 < 6.(T"), A(t;0) is continuous and finite in ¢, and

T
B(T;0) = p / (e*AE0) _ 1)at
0

is finite. Therefore, for 8 < 6.(T)

lim 1 log E[e?4T] = A(T}; ).

n—o00 N,

When 6 > 6.(T), this limit is co. By differentiating the equation (4.8) with respect to 6,

we get
1 1 d

a —A(T;0) = 0. 4.
Ot 1T ZBAT0) + AT —1ap 0 =0 (4.9)

imsart-bj ver. 2014/10/16 file: Bernoulli_LDP_Gao_Zhu_accept.tex date: April 12, 2017



Gao and Zhu 21

It is clear from the equation (4.7) and (4.8) that as 6 — 6.(T"), we have A(T;0) — oo.
Therefore, from (4.9), we get

0 —BA(T;0) + e2AT30)

apA(730) = —BO +e*? —1

— 00, as 0 — 0.(T).

Hence, we verified the essential smoothness condition. By Géartner-Ellis theorem, P (%ZT € )
satisfies a large deviation principle on Rt with the rate function

J(x;T) =sup {0x — A(T;0)}. (4.10)
6cR

Next, let us consider the sub-critical case, that is, & < £. In this case, —fA4+e**—1 =0
if and only if A =0or A = A., where A, is a positive constant and it is unique. For § = 0
or A., A(t;0) = 0 for any t. For 8 < 0, A(t; ) is increasing in ¢, and A(T,0) < 0 satisfies
the equation (4.8). For 0 < 6 < A, A(t,0) is decreasing in ¢ and satisfies the equation
(4.8). For 6 > A., A(t,0) is increasing in t. For any fixed T > 0, there exists a unique
0.(T) > A, satisfying the equation (4.7) so that for any A, < 6 < 6.(T), A(T,0) is the
unique positive value greater than 6 that satisfies the equation (4.8) and for 6 > 60.(T),
A(T, 0) = co. We can proceed similarly as before and prove that, P (%ZT € ) satisfies a
large deviation principle on R™ with the rate function given in (4.10).

Step 2. Next, we need to prove the exponential tightness before we proceed to establish
the sample path large deviation principle. To be more precise, we will show that

1
lim sup lim sup — log P ( sup Z; > nK) = —00, (4.11)
K—oco mn—oo N 0<t<T
and for any ¢ > 0,
. . 1
lim sup lim sup — log P sup |Zy — Zs| > dn | = —c0. (4.12)
e=»0 n—oo T [t—s|<e,0<t,s<T

We will also show that for any n > 0,

1
limsup — log P ( sup |Zy — Zi—| > nn) = —00. (4.13)
n

n—oo 0<t<T

The superexponential estimates (4.11) and (4.12) will guarantee the exponential tight-
ness on D[0,T] equipped with the Skorokhod topology, see e.g. Theorem 4.1. in Feng
and Kurtz [13]. Together with Step 3, it will prove the large deviation principle for
P({1Z,0<t<T} €-)on D[0,T] equipped with Skorokhod topology. Next, the equa-
tion (4.13), i.e. the so-called C-exponentially tightness, see e.g. Definition 4.12. in [13]
strengthens the large deviation principle for P ({ %Zt, 0<t< T} € ) so that it holds on
DJ[0,T] equipped with uniform topology, see e.g. Theorem 4.14. in [13].
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Let us first prove (4.11). Notice first that Z; — Zy < aN; and Zy = n. Therefore, for
K>1,

[E”( sup thnK) :IP( sup (Zt—ZO)Zn(K—l))

0<t<T 0<t<T

K-1
<IP’(sup Ny >n )
0<t<T a

=P(aNr >n(K —1)
< E[(aONT]670(1(71)71/@7

where the last inequality follows from Chebychev’s inequality. In conjunction with the
moment generating function of Ny in (4.6), we hence obtain

1 K-1
1imsuplogIP’( sup ZthK) gC(T; 9) _ﬁ_ 0( ),
e

n—oo T 0<t<T o o

which goes to —oo as K — co. Hence, we proved (4.11).

Next, let us prove (4.12). Note that for s < ¢, aN(s,t] = Z; — Zs + 6]: Z,du. Thus,
for s < t, we have
|Z: — Zs| < aN(s,t]+ B(t —s) sup Z,.

s<u<t

Therefore,

[t—s|<e,0<t,s<T

P ( sup |Zy — Zs| > 5n>

[t—s|<e,0<s<t<T s<u<t

<P ( sup <aN(s7t] +B(t—s) sup Zu> > 5n>

[t—s|<e,0<s<t<T [t—s|<e,0<s<t<T s<u<t

g 5
<P ( sup aN(s,t] > 2n> +P ( sup B(t—s) sup Z, > 2n> .
Note that
0 5
P sup B(t—s) sup Z, > -n| <P|(pe sup Z, > -n]|.
t—s|<e,0<s<t<T s<u<t 2 0<u<T 2

By (4.11), we have

1 )
limsup limsup — log P (Be Sup Zy, > 2n) = —00.

e—0 n—oo TN 0<u<T
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Next, notice that without loss of generality we can assume that % € N and

|t—s|<e,0<s<t<T -2

P( sup aN@ﬂ>%0SP<ﬂSj§W€aNW4JﬂZ$O

T/e

<HP (aN(tj_l,tj] > jn) : (4.14)

j=1

where 0 =19 <t; <+ <ty =T, where t; —t; 1 = € for any j. In addition, note that
for 6 > 0,

E [e"aN(thﬂ} =E [E [eoaN(tﬂ’tf]Ith_lﬂ (4.15)
_ E |:670th71 eC’(t]7tj,1;c9)th71+D(tj7tj,1;6)
=exp (D(e;0) + A(tj—1;C(&;0) — O)n + B(t;—1;C(€;0) — 0)),

where we have used the moment generating functions of Z; and NV; in Section 4.1. Hence,
using Chebychev’s inequality and combining (4.14) and (4.15), we find for fixed € > 0,

!

N >

1
lim sup — log P ( sup aN(s,t] >

n—oo T [t—s|<e,0<s<t<T

< sup {A(tjl;C(e;Q) -0) — 9%

1<j<T/e

—

< sup {A(5C(0)— )} — 00
0<t<T 4

So in order to prove (4.12), what remains is to choose 6 that depends on € so that (i)
0 — o0 as € — 05 (ii) A(t; C(e;0) — 0) is uniformly bounded for ¢ € [0,7] and € — 0. To
this end, let us define y(t) := C(¢;6) — C(0;6) = C(t;0) — 6. Then y satisfies the ODE:

y'(t) = —By(t) +e*Pe>v®) —1,
y(0) = 0.

For > 0, we have /'(0) = e*® — 1 > 0, which implies y is increasing on [0, 7] for some
~v > 0. This suggests that

0<y'(t) <e?e®  forte 0]

By Gronwall’s inequality for nonlinear ODEs, we obtain

1
0 <y(t) < —— -log(l — ae®®t), fort e [0,7]. (4.16)
a

imsart-bj ver. 2014/10/16 file: Bernoulli_LDP_Gao_Zhu_accept.tex date: April 12, 2017



24 Gao and Zhu

Let us set ae®? = ﬁ Then it is clear that # — oo as € — 0. In addition, we deduce from
(4.16) that for e < 7,

0 C(e:0) 6 =y(0) <~ log(1 — Vo) (4.17)

Next we show {A(t;C(e;0) — )} is uniformly bounded for ¢ € [0,7] and € — 0.
When a < f, it is clear that zero is a stable solution for the ODE of A in (4.2). Since
A(0;C(e;0) —0)) = y(e) — 0 as € — 0, so the stability of zero solution implies that
when € — 0, {A(t;C(€;0) — 0)} is uniformly small and thus uniformly bounded for all
t > 0. When o > 3, since A(0;C(€;6) — 6)) = y(e) > 0, one readily checks that A is
non—decreasing with respect to time ¢. Hence we obtain

sup {A(t; C(e;0) — 0)} = A(T;5y(e)).
0<t<T
We have shown in Step 1 that A(T'; ) is finite when § < 0.(T'), and A(T}; ) is continuous
as a function of . Therefore we deduce from (4.17) that A(T;y(e)) is uniformly bounded
for ¢ — 0. Thus, we have proved (4.12).

Finally, the claim in (4.13) trivially holds since for any 0 < ¢t < T, |Z;— — Z;| = 0 or
« with probability 1.

Step 3. Next, we establish the sample path large deviation principle.

For any ¢ > 0, let B.(z) denote the open ball centered at = with radius e. For any
0=:tg <ty <ty < ---<ty_1 <tp:=Tandz,...,x, € RT, by the Markov property
of the process Z, we have

1 1 1
P (nZtl € BE(I’l)7 EZtQ S BE(IQ), ceey EZtk S BE(Ik)>

1 1
=P (nZtl S B€($1)> P <nZt2 S Be(xQ)

1
ﬁZtl € Bg(.’lfl))

1
P (nZt"' € B.(w)

1
EZtk71 S BE(.’,Ukl)) .

Hence, we have

e—0n—oo N

1 1 1 1
lim lim — logP (nZtl € B.(x1), ﬁth € B.(xz2),..., ;Ztk € Be(xk))

Z2 Tk
=—J(z1;t1) — 1 J (;tz - t1> — =z (;tlc — tk—1> )
X1 Tk—1

where J is given in (4.10). Hence, for any g € AC1[0,T7,

| 1 1 1
lim lim —logP <nZt1 € Be(g(t)), - Zt, € Belg(t2)), -, 2, € Be(g(tk))>

e—0n—oon

= (ot~ o007 (2t =0 ) = gt (A - )
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For any given positive g € AC1[0,T], we have

’ (g?t(jtj)ﬂj t“)
:sup{eg(” A 31,9>}

0eRr (tj—1)
g (t5_1) titim As:
= sup {9 <1 + (t; —t;— 1)) —0— / (—BA(s; 0) + e* (5:0) _ 1)d3}
9cR g(tj-1) 0
g'(t 1 A(
= (t; sup 4 6 At 15 0) 4+ eAEZ00 1) L
( 96]12{ g(tj 1) 6 (1;- -t ) )

where t%_; € [t;_1,1;] is independent of § and ¢*, € [0,¢; — ;1] may depend on 6.

It is easy to see that for any given positive g € AC;[0,T], g( i )), is uniformly bounded

in j. To see this, notice that g is positive and continuous so 1nfo§t§T g(t) > 0, and since
g is absolutely continuous, ¢’ exists almost surely and we can assume that g’ exist for
any t7. And we can also see that A(t;*;;0) is uniformly bounded in j. Therefore, there
exists some constant K that may depend on the given ¢, such that, uniformly in j,

r(p*
sup{@g(] ) ( BA(t5" 1360) + e* 405~ 1’)—1)}
0€eR

(tj—1)
g'(t5_1) A(t
= sup <0 BA ; A0 1) %
|0|§K{ g(t;—1) ( (t5%4:0) + )
Therefore,
su ;0) + e A T130) _ }
{05y - (o )
g ( ) 0 }‘
—sup< 6 0+ e —1
eeﬁi{ o) P )
< sup sup (—ﬁA(t; 0) 4 e*AH0) _ 1) — (—59 +e2? — 1)‘ — 0,

0] <K 0<t<t;—t;_ 1

as t; —tj—1 — 0. Hence, we conclude that

1
lim lim flogIF’ (Zt € B(g),0<t < T)
n

e—0n—ocon

- /OTg<t> sup {020 — (0.4 e - )

fER g(t)

T
- / {660/ (1) — (=56(1) + €O — 1)g(t) b dr.

0(t):0<t<T
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Together with the superexponential estimates (4.11) and (4.12), we have proved that,
P ({%Z,g7 0<t< T} € ) satisfies a large deviation principle with the rate function

T
I = s [ {6000~ (~800) + "~ 1)g(0)} .

0(t):0<t<T
if g € AC1[0,T]. Note that the maximization problem

sup {zg' — (=fz + ™" — 1)g}

’
e

[e3%

has its maximum achieved at x = élog , provided that ¢’ > —Bg. Otherwise,

the maximum is +oco. Therefore, we conclude that
_ [T By(t) +4'(1) By(t) +4'(t) By(t) +4'(t)
et = [ B0 (00 (050 )

for any g € AC1[0,T] and ¢’ > —Bg and Iz(g) = 400 otherwise.
Step 4. Finally let us show that the rate function Iz(g) is good. That is, we need to
show that for any fixed m > 0, the level set

K,, :={g € AC1[0,T] : Iz(g) < m} (4.18)
is compact.
Since Z; > Zpe Pt we have g(t) > g(0)e?* = e=5* for any t. Therefore, for any
g e K’H’La
T !
t t
6*5T/ A* (59()+g()) dt <m, (4.19)
0 ag(t)
where A*(z) := zlogz — x4+ 1 is strictly convex and non-negative. Thus, for any g € K,,,
T /
14'(t
/ A (B IO gy e (4.20)
0 a ag(t)

Let us define f(t) = gt + Llogg(t). Then f(0) =0 and f'(t) = ng é%. From the
proof that the rate function for Mogulskii’s theorem is good, see e.g. Page 183 in Dembo

and Zeitouni [10], it follows that the set
T
{f € ACo[0,T] :/ A (f(t))dt < meaT} (4.21)
0

is a bounded set of equicontinuous functions. Since g(t) = e/ =5 it follows that the
set K, is a bounded set of equicontinuous functions. By Arzela-Ascoli theorem, the set
K,, is compact. Hence, Iz(g) is a good rate function. The proof is complete. O
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Proof of Theorem 2. We apply Theorem 1 and the contraction principle. One then
readily obtains from (2.6) that P ({%Nt, 0<t< T} € ) satisfies a large deviation prin-
ciple with the good rate function

In(h) = inf I7(g). (4.22)
h(t)y=280=L+ 2 [* g(s)ds,0<t<T

. L . . —1 t
Observe that differentiating the integral equation h(t) = % + g fo g(s)ds, we get

Wi = g0+ 2o

which is a first-order linear ODE for ¢(t) with initial condition g(0) = 1. Thus, we can
solve this ODE and get

¢
g(t) =e Pt + e‘ﬂt/ aePsh(s)ds.
0

Hence, we infer from (4.22) and the expression of Iz(g) in (2.1) that

In(h) = / W (t)log ’;’< ) (W (t) - g(t))dt

T /
h'(t
= / h'(t)log (t)
0 e Pt 4 e=Bt [ aePsh!(s)ds
t
— <h’(t) —e Pt e_ﬁt/ aeﬁsh’(s)ds> dt.
0
Using this sample path large deviations result and applying the contraction principle, we

can also obtain that, P(Nr/n € -) satisfies a scalar large deviation principle on Rt with
the good rate function

H(x;T) = h.hi(r%f)zx In(h). (4.23)

Next, we prove that the rate function H in (4.23) can be equivalently given by (2.9).
Recall the moment generating function of N; in (4.6),

E[e?M|Zy = n] = exp{(C (t; Z) - Z) n+ D (t;Z)},

Vol (t; 9) =—-3C (t; 9) + eaC(t;g) — 1+ @7 C (0; 9) _ ﬁ
« (6] « (6] (0%

Let us first consider the critical and super-critical case, that is, « > 5. When we have
a> B, forany C >0and 6 >0, —BC 4 e*¢ — 1+ % > 0 and thus C(t; %) is increasing

where
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W < 00. On the other hand, it is easy

a

in t. It is clear that for any 6 > 0, [4

to see that fooo ﬁgﬂfl = 00. Therefore, for any fixed T' > 0, there exists a unique

positive value 04(T) such that

/ - dc =T (4.24)

24D _BC + eaC — 1 4 204(T)

a

Hence, we conclude that for any fixed T > 0, for any 0 < 6 < 64(T), C(T; %) is the
unique positive value greater than %, that satisfies the equation:

C(T; %)
/ © - (4.25)
2 _BC + eac -1+ o

The case for § < 0 is similar. Also, it is easy to see that for § < 64(T), C(t;2) is
continuous and finite in ¢, and

4 r 0
D (T; ) = u/ (e“CHE) —1)dt
@ 0
is finite. Therefore, for 6 < 64(T),
1 0 0
lim = logE[e?NT] = C <T; > - —.
n—oo M Q (6%

When 6 > 64(T), this limit is co. By differentiating the equation (4.25) with respect to
0, we get

1 g [CTig dc (4.26)
e -1 afe (—BC + eaC —1 4 292 '
1 d 0
Lol 2) =o.
+—BC(T;2)+6“C(T?§)—1+Ba9d‘90< ’a> !

It is clear from the equation (4.24) and (4.25) that as 0 — 64(T), we have C(T; £) — oc.
Therefore, from (4.26), we get

918 = (po (1.2 yercmtr 14 20
00 « «@ «@

1 B oD ac
. 661—1—04/2 (_ﬁc’+ea0_1+%)2 = 0

as 0 — 04(T). Hence, we verified the essential smoothness condition. By Gértner-Ellis
theorem, we get the desired result. The proof for the sub—critical case is similar and is
omitted here. O
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Appendix A: Additional proofs

We prove results in Sections 2.2.1 and 2.3 in this appendix. For notational convenience,
unless specified explicitly, we use Z and N for Z™ and N™ when Zy = n. We also use E[/]
to denote the conditional expectation E[-|Zy = n], and P(-) for the conditional probability
P(-|Zy = n).

A.1. Proofs of Propositions 3 and 4

Proof of Proposition 3. Let

Lig,g) = ﬂg;g log <59+9 > B <Bg+g g).

ag o}

Then the variational problem (2.2) becomes

T
inf /O Lig(#), ' (#))dt.

9(0)=1,9(T)==

Applying the Euler-Lagrange equation ‘3—5 — %g;j

sample path g, satisfies the following equation:

= 0, we deduce that the optimal

élog (ﬂg+g’)_ﬂg+g’+1_d[llog <Bg+g’>} =0. (A1)
o ag ag dt |« ag
Define
1 B9« (t) + 9. (t)
Then the Equation (A.1) reduces to
d
20(0) = Ba() = (1) = 1), (A:3)

Set q(T) = 6, then we obtain from (A.3), (2.4) and the uniqueness of ODE solutions that
q(t) = A(T —t;0), fortel0,T].

Note from (A.2) and ¢.(0) = 1, we have

t
g«(t) = exp (/ e ds — 5t> .
0

So what is remaining is to find the parameter 8 such that g.(T) = . We claim that the
correct parameter 6 is simply 6., the maximizer to the optimization problem (2.3). To
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see this, we define y(¢) := %A(t; 0). That is, ~y is the derivative of A with respect to the
initial condition. Then it follows from (2.4) and [19, Chapter V] that

d .
St = (5 +aed) (),

7(0) = 1,

which immediately yields

T
T) = exp (/O (—B+ aeo‘A(“e))dt> = g.(T) = x.

Now from (2.3), it is clear that the optimal 6, satisfies

0
= %A(T;H)b:e*-

Therefore, when 6 = 0., we have g.(T) = z, and the path g, solves the Euler-Lagrange
equation (A.1), which is a necessary condition for optimality.

It remains to check g. given by (2.12) is indeed the optimal sample path for the
variational problem (2.2). It suffices to note that

T
Iz(g.) = / L(g. (1), gL () dt
= [ a0 = (=gt + e ~ g ()} a
T
- / (gL () + ¢ (D). (D)} dt

=q(T)z — q(0)

=0, -z — A(T;0,).

— sup {6 — A(T:0)},
OeR

where we have used the fact that ¢(t) = A(T —t;6..), for t € [0,T]. Therefore, g, is indeed
the optimal sample path. The proof is complete. O

Proof of Proposition 4. Let us recall that

H(z;T) = inf In(h
(@;7) h(o):%)?h(T):x ~(h),

where Iy is given in (2.7). By considering f(t) = fg ael k' (s)ds, we get
H(z;T)
. T, _ ’
= mff(o):OJT 20 g Jo Le—pt [f’(t) log (a_{a(;)(t)) — f'(t) +a+af(t)| dt.

0 weBt
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This is a constrained optimization problem, so we introduce the Lagrange multiplier A
and define

Lt 1.8) = ze oo (L0 ) - 10 +araso| LG
We consider the modified problem
. T ,
/ <°>:0’f?§;;a;z di=a /0 L(t, f(t), £'(t))dt. (A.4)

The Euler-Lagrange equation 2% — 4 9L — () yields that the optimal f, for (A.4) satisfies

of dtof’
1 g [ —fit) d1 _ fi#)
Ze Bt | I\ | _ =\ ) Al =o. A.
af [1+f*(t)+a dt o ©8 a+ af.(t) Al=0 (A.5)
In addition, f. satisfies the following transversality condition:
oL 1 (T
ik = —e AT |] SEECLASuA B A.
! ' i1 o {Og (a—i—af*(T) (4.6)
Let us define . 00
t
=—1 — ). A.
o) = g ox (275 (A7)
Then, the Equations (A.5) and (A.6) become
dp(t) BA
N 1) —eop®) 1 22
o Bp(t) — e +1 - —,
A
T) = —.
p(T) 5

Hence, p solves a first order ODE with terminal constraint. Comparing with (2.10) and
(2.11), we infer from the uniqueness of solutions of such ODEs that

oo (r-i),

Note that we can deduce from (A.7) that
Folt) = exJo e Pds _ g,

Recall that f/(t) = aePth.(t) and h.(0) = 0. Thus, we get
t g1 t "
h«(t) = f*i(;)ds = / eap(s) . gor Jg e )d“_ﬂsd& (A.8)
0 e’ 0

which depends on A.

imsart-bj ver. 2014/10/16 file: Bernoulli_LDP_Gao_Zhu_accept.tex date: April 12, 2017



34 Gao and Zhu
Next, we claim that, to satisfy the constraint h.(T) = z, the correct Lagrange mul-

tiplier A is simply 0., the maximizer to the optimization problem (2.9). To see this, we
set

0 0
wy(t) =C <t; a> o and r(t) = %wg(t).
One readily checks from (2.10) and (2.11) that r solves the ODE

%r(t) (—ﬂ—i—a : eacﬁ%%)) r(t) 4 exp (aC (t; Z))
r(0) = 0,

which implies

T o T o
HT) = / CHE) o / (aeCes®) — g) ds | di.
0 t

Since 6, is the maximizer to the optimization problem (2.9), we deduce that

T 5 u R
T = T(T)‘(?:é* — /0 eaC(T—u;%) - exp </0 (aeaC(T—v;%) _ B) dv) du, <A9>

where we have applied the change of variable formula. Then it is clear from (A.8) and
(A.9) that when p(t) = C(T —t; %*), we have h.(T) = x.

Finally, we verify that h, given by (2.13) is indeed optimal for the variational problem
(2.8). It suffices to note that

In(hs)

0, x4+ /OT e;ﬁt [fi(t) log <O%) — filt) +a+af(t) — é*fi(t)] dt

— 0, .x+/OT e_aﬁt (1) {log (O%) —é*} dt

+/T e:jt [Hfi()) +a] (1+ fu())dt
o [ ) o]

v Tjt( jt[ (HLarm) o) o+ repa
=0, -2+ (1+ f.(T) ej {g(afi >é*]

— (14 £.(0)) H <a+ A0 )>—é*],
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where the first equality is due to f.(t) = aeP*h’(t), h.(0) = 0 and h.(T) = z, the third
equality is due to (A.5), and other equalities follow from direct computation. Now by
(A.6), (A.7) and f.(0) =0, and the fact that p(t) = C(T — t; %*) forany 0 <t < T, we

obtain
R 0,
In(hy) =0, -2z —p(0) + ™
g*.g:c(T;@) b
@ @
0 0
:sup{Gx—C<T;> +},
R « «
Therefore, h, is indeed the optimal sample path. The proof is complete. O

A.2. Proofs of results in Section 2.3.1

Proof of Theorem 5. We want to apply Gartner-Ellis theorem to obtain the large de-
viations principle. Since the moment generating functions of Z; and N; involves nonlinear
ODEs, the key idea in the proof is to use Gronwall’s inequality for nonlinear ODEs to
obtain estimates for the ODE solutions. Below we prove part (i) and (ii) separately.

(i) We first prove part (i). Suppose that we can show

0 2
lim log E [etinzmT} _ Jimremer  forany 0 < a7, (A.10)
n—oo n 0 otherwise.
. 0 o T : : 2 ) 9 _
It is easy to check that T Io%e7 15 differentiable in 6 for any 6 < —5+, and 35 [P%W} =

1
(1-3a207)?
Gartner-Ellis Theorem, P(% € -) satisfies a large deviation principle with the speed

2 and the good rate function

tn
" 0 2(y/x —1)?
Iz(x) = sup {91 kR ;aQGT} = L

2
0<—5=

— 00 as 0 — afT. Thus, we verified the essential smoothness condition. By

if £ > 0 and +oo otherwise.

Therefore, it suffices to prove (A.10). We focus on the case 6 # 0 since the proof is
trivial for the case 6§ = 0.

From the moment generating function of Z; in (4.1), one readily obtains

t 0 t 0
L logE [e%Z“LT} =t, A (tnT; ) +2.B <tnT; ) ,
n t n t

n n
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where A are B are solutions to the ODEs in (4.2) and (4.3). Here the initial conditions
are given by A (O; %) = t% and B (O; i) = 0. So in order to show (A.10), it suffices to

tn
show
6 — __ for 6 < -2,
lim ¢, - A (tnT; ) = { 1-30%0T o’ (A.11)
n—00 tn +00, for 6 > %,
and
limy, o0 &= - B (tnT; %) =0,  forf< =%,

(A.12)

<
liminf, oo i+ B (6,752 ) 20, for 0> .

We first prove (A.11). The idea is to use Gronwall’s inequality for nonlinear ODEs
to obtain estimates for A. Write g(x) = e*® — ax — 1. Then the ODE in (4.2) becomes
A'(t) = g(A(t)) in the critical case @ = (. Given small €, > 0, there exists some ¢ > 0

such that (o‘; —e)x? < g(x) < (%2 + €)x? and |g(7)| < n]z| when |z| < J. If we write

n

cn:sup{tEO:‘A<s;t9>’§5, forallsgt},

then we obtain for n large,

2 2
(O; — e) A? (t; f) <A <t; f) < (O; + e) A? (t; f) , foralltel0,e,].(A.13)

Note that the solution to the ODE

is given by

o= (L (20 i

which is clearly an non-decreasing function when y is properly defined. We next discuss
three cases to prove (A.11).

Case 1: 6 < 0.

When a = 3, it is clear from (4.2) that A is non-decreasing in ¢. So for n large such

that 0 > A (O; %) = t% > —¢, one readily checks that 0 > A(t; %) > —¢ for all t > 0.

That is, ¢, = +oo. Hence, we deduce from (A.13)-(A.14) and Gronwall’s inequality for
nonlinear ODEs that

2 -1 2 -1
<tg<0;e)t> §A<t;t€>§(tg(oé+e>t) . forallt>0.
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This implies

9 -1
L (2 _N\r < liminft, - A tnT;E

) 0 1 a? -t
<limsupt, - Alt,T;— | <|(=—(—=—+¢€|T . (A.15)

Letting € — 0, we obtain that for any 6 < 0,

0 1 o2\ 0
li A T:— ) =(=-—-—=T = Al
Jim (’fn ’tn> (9 2 ) LT (4.16)

Case2'0<€<i

In this case, We have GT( +¢€) < 1 for e small enough. This implies that given
y(0) = A(0; { £ =) = ¢, the ODE solution y in (A.14) is properly defined for ¢ = ¢,T, and
its value is glven by

tn a? -t 1 0
tnT) =2 (= +e)t,T) =— —p—r.
y(tnT) (9 (2 ) ) th 1—0T(% +¢)

Hence from the non-decreasing property of y, we have 0 < y(t) < 6 for all ¢ € [0,¢,T]
when t, is large. This implies ¢,T < ¢,. Following the proof of Case 1, we can deduce
from (A. 13) (A.14) and Gronwall’s inequality for nonlinear ODEs that (A.16) holds for
0<f< 2T aswell

T

When 9 > we prove (A.11) by contradiction. Suppose

ZT’

liminft¢, - A (tnT; f) =M < +o0.

n—oo

Then there is a subsequence {ny} such that

tn, - A (tnkT; ti

s

) <2M, for n large. (A.17)

This implies when ny is large, we have 0 < A (tnkT; ti) < §, which further implies
ng

Cny > tp,T. Similar as before, we can use (A.13) and apply Gronwall’s inequality for
nonlinear ODEs and obtain that

0 1 0 1 1
A (tnkT ) T T a2 N > — T
tny) ~ tne 1—0T(% —¢) ~ tn, €T
where the last inequality is due to the fact that 6 > 2T However, this is a contradiction
with (A.17) since we can choose € arbitrarily small. Hence, for § >

0
lim ¢, A (tnT; > = +o0.
n—o00 tn
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Therefore, we have proved (A.11).

We next prove (A.12). When 6 < —2—, we have shown that ¢,T < ¢, for n large and
thus | A(t; %)| < ¢ for all ¢ € [0,t,T]. together with the fact that [e** — 1 — az| < n|z|
when |z| < 8, we deduce from (4.3) that for § < 3=,

()
b

|
=

A

tnT 9
< o) [ A(s; )
0 tn

In conjunction with the inequality (A.15), it is readily verified that for 6 <

2
2T

lim (¢,/n)- B (tnT; f) = 0.

n—oo

For 6 > (XQLT, it is clear that A is always positive for all ¢. Thus we infer from (4.3) that
B is nonnegative and

lim inf(¢,,/n) - B (tnT; f) > 0.

n—oo

Therefore, we have proved (A.12) and thus (A.10) holds. The proof of part (i) is complete.
(ii) We next prove part (ii). Recall the moment generating function of N, in (4.6).
Since Zy = n, we infer that

t o N t 0 0 6
2logRE |eE | = 2 - T: — D|(t,T; — Al
n 8 [ } ( aﬂ”c(t” ’ata)’” (t" t>) (4.18)

n n

where C, D solve the ODEs in (4.4) and (4.5) with initial condition C(0; -%>) = % and
D(0; -%) = 0.

To study its limiting behavior as n — oo, we first prove

lim ¢, - C <t T 9) [ () s (A.19)
i b " a2 V0 tan (%\/@T) >0 '
V2

We focus on 6 # 0 since the case 6 = 0 is trivial to prove. Similar as in the proof of part
(i), we obtain for n large, and for all ¢ € [0, d,,]

a? 9 0 0 0
- _ R ) < 2 .
(2 e)C (t7 at%)-ﬁ-aC (O, at%)_C’ (t, at%) (A.20)
a? 9 0 0
< | — o R
_(2 —|—e>C (t,at%>+a0(0,at%),
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0
¢ (3; aa)

We again want to use Gronwall’s inequality for nonlinear ODEs to obtain estimates for
C'. To this end, we first study the solution zj; to the Riccati equation

where
d, = sup {t >0:

<4, forallsgt}.

Z(t) = k2A(t) + az, (A.21)
2(0) = o %, (A.22)

where we are interested in k = %2 +eand k = %2 — €. We discuss the cases 8 > 0 and
0 < 0 separately.
When 6 > 0, the solution to the Riccati equation (A.21) and (A.22) is given by

1 \tﬁsm (rt) + at2 cos (Ft>
ko cos (%t) ‘ﬁ sin (Ft>

It follows from (A.20) and Gronwall’s inequality for nonlinear ODEs that

0
z2_ (1) <C (t; at%) <zaa, (1), forte(0,dy). (A.23)

o —_ oz
2 2

For k = 0‘72 +eork= %2 — ¢, it is clear that |24 (¢, T)| = O(t,;}) as t,, — oo, from which
one can verify that ¢, T < d,,. Together with (A.23), we obtain

0 0 2
limsupt, -C <t T; > < lim t, - 2. a2, (tnT) = Ltan ( <O; +e> 9T> .
o
n €

t2 n— 00 2
n— 00 % +

Setting € — 0, we find

0 0
limsupt, - C (tnT; > < 4 tan (a\/§T> .
n— 00 (&% ﬁ
A similar argument leads to

0 Vo «
liminft, - C (tnT; — | > ~~ tan [ —=V0T | .
im in ( %)_ = an(\@ )

n— o0 at

So we have proved (A.19) when 6 > 0.
When 6 < 0, we can similarly solve the Riccati equation (A.21) and (A.22) and obtain

A =L g o () -rew (27)
k ko tn exp(@)‘i”r-exp(m)a

tn
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1—,/ kol 2
where 7 := :"0" . Thus we infer from (A.23) that for k = % + ¢,

. 0 . v
limsupt, - C <tnT, oﬂ) < nh_}rglo tn - 26 (tnT) = —W tanh ( k:\9|T) )

n—0o00 n
Setting € — 0, we find for 6 < 0,

V00
limsupt, - C (tnT; 92> < - &H tanh (\j% 9|T) .

n— 00 atz NG

A similar argument leads to

V10
liminftn~C<tnT;92> > VI <O‘ 0] )
V2

n—00 atn é%
So we have proved (A.19) when 6 < 0.
We next show 0
nh_)ngo(tn/n) -D <tnT; at%) =0.

Since we have shown |C(t; -9>)| < & for all ¢ € [0,¢,T], together with the fact that

le®® — 1 — az| < n]z| when |x|n§ 0, we deduce that

tnT aC srji
‘D (tnT; 92>‘ = u / (e < “n) —1) ds
atn 0
tnT 0
pla+ 77)/0 c (S§ at%)

4 0
(o + n)/o ty, - C (stn; ozt?,) ‘ ds.

0
lim sup ’D (tnT; t2>‘ < K, for some constant K < co.
@

n

ds

IN

Given (A.19) and (A.24), we obtain

n—0o0

Since t,/n — 0, we then deduce that

lim (¢,/n)- D <tnT; 0422) =0.

n—00
n

Hence, we infer from (A.18) that

V=0 tanh (—Tg\/?e:r) if0<0

- & Nepr =
A(f) := lim —logE {e*‘% " ] =<¢ 2 .
n—so0o N Vo a :
%tan(ﬂ\/gT) if6 >0
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It is easy to verify that A(6) is differentiable in § < 0 and
d 1 1 o T !
—A(f) = —=—tan [ —V0OT ) + = sec® (\/éT) for 6 < 0,
e <\/§ ) 2 V2 '
and A(f) is differentiable in 6 > 0 and
d -1 1 - T -
—A(f) = —— — tanh | —=v/—0T | + =sech? <\/9T> for 0 > 0.
a6 ©) 2v—-0 % " <\/§ > 2 V2 '

Thus, it is easy to see that
AN(0+)=A(0-) =T,

which implies that A(f) is also differentiable at § = 0. An application of Gértner-Ellis
Theorem yields the result. O

A.3. Proofs of results in Section 2.3.2

Proof of Theorem 6. The approach is similar as in the proof of Theorem 5: use Gron-
wall’s inequality for nonlinear ODEs to obtain estimates, and then apply Géartner-Ellis
theorem to obtain the large deviations principle.

(i) We first prove part (i). We claim that for Zy = n and any 6 € R,

1 1 0 0
n—oo nT n—oo nT n n

When 6 = 0, the above holds trivially. So in the following we focus on 6 # 0.
We first show that

lim nt~ 7.4 <tnT; 0) =4.
n

n—oo

Write g(z) = e*® — ax — 1. Then given any small 5 > 0, there exists some § > 0 and
K > 0 such that |g(x)| < min{n|z|, Kz?} when |z| < d. Recall from (4.2) that A solves

the ODE:
() -0 () va(4(2)). "
(o)

Suppose that for n large, we have |A (t; £)| < § for all ¢ € [0,¢,T]. Then we obtain
(a—pB)A <t§ 0) — KA? (t; 9) <A (t; 9) <(a—pB)A (t; 9) + K A? (t; 9) .
n n n n n
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The solution to the Bernoulli equation

y'(t) = (a—Byt) + Ky*(t),
0
y(0) = A©) =",
is given by
_((Lr K -yt _ _K )1
() ((y(0)+a—/3) -
Hence we have - .
_(nT K T K
o) = (Mg - )

It is clear that y is a monotone function, and we thus deduce that |y(¢)] < § for all
t € [0,t,T] when n is large. Note that L(y) := (o — 8)y + Ky? is Lipshitz continuous
when |y| < ¢. Then by Gronwall’s inequality for nonlinear ODEs, we obtain

A(t) <y(t), forte]|0,t,T],

which further implies that

At,T) <y(t,T) = (

Similarly, we can find

=T K . K\ '
A(tnT)2< 7 Jra—ﬁ'n 04—5) .

Thus we get
lim nt~ 7.4 <tnT; ‘9) =4.
n

n—oo

So the only remaining step is to show for n large, we have |A(t; %)| < dforall t e
[0,t,T]. To this end, we first define, with a slight abuse of notation (see also Section A.2)

cn:sup{tEO:’A(s;fL)’Sé, forallsgt}7

t
A (t; 9) ) <o; 9) ola—B)t +/ ela—B)(t=9) (A <S; 9)) "
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Note that |A (¢; £)| < 6 for all t € [0,¢,]. Then we have g (A (t; £)) < n|A(t; £)] for all
t € [0, ¢,]. Hence we obtain for ¢ € [0, ¢,,]

0 0 t 0
e~ (@=htig (t; )‘ < ’A <0; > ’ + 77/ e~ (@=Ps 14 (s; > ds.
n n 0 n
Gronwall’s inequality then implies
0 0 (a=p)t _ nt
Alt,— )| <|A[0;=]] e -e for t €[0,cp). (A.25)
n n

Now notice that for A (0; Q) =0/n and t = ¢, T where T < 1, the right-hand-side of the

n
above inequality becomes
6] T )

which is smaller than § when n is large and 7 is set sufficiently small. Hence when n is
large, we have t,T < ¢, and thus ’A (t; %)} < for all t € [0,t,T].
Next we prove

. 1 0

n—oo N

Recall from the ODE for B that

B <tnT; Z) = u/othT (e“A(S;ﬁ - 1) ds.

Note that for n large, we have |A(t; £)| < § for all ¢ € [0,t,T]. Together with the fact
that [e®** — 1 — ax| < n|z| when |z| < J, we deduce that

oer)] = oo [ a2

6] [T s
< ula+n)—- e M dt
0

IN

n

0 ,
pla+m) - % : (nT“*W) - 1).

where in the second inequality we have used (A.25) and A(0; %) = %. Thus (A.26) readily
follows. So the proof of part (i) is complete after applying the Gértner-Ellis Theorem.

(ii) We next prove part (ii). The proof is similar to that of part (i), so we only outline
the key steps. Recall that

E {egNtnT} Lo CtnT; 2 )n+D(tnT; 2

= e an''e Yan

where C, D solve the ODEs in (4.4) and (4.5) with initial condition C(0;-%) = £ and
D(0; 2) = 0.

’an
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It suffices to show

lim n'~7C (tnT; 9) = Le, (A.27)
n—00 an a—f

lim n~ 7D <tnT; 9) = 0, (A.28)
n—00 an

When C(0; %) = % we look at the Riccati equation below to obtain estimates for C:

na’

2 (t) = (a — B)z(t) + K22(t) + %, (A.29)
z(0) = %.

When n is large, we have (a — 3)? > 4K - %. This implies the constant function

zzzgﬁfwa—ﬁ)?—zxxfj—(a—m)

is a particular solution to the Riccati equation (A.29). In addition, an application of
Taylor expansion yields

-— 4+0(n"?), asn— oo.

v(0) =2(0) —z = - i 5 % +0(n™?). (A.30)

Moreover, one readily verifies that v satisfies the Bernoulli equation
V(t) = (a — B+ 2K2)v(t) + Kvi(t),

which implies that

~((- K ek K )—1
U(t)_(<v(0)+a—ﬂ+2Kz> ¢ ’ a—B+2Kz : (A.31)

Suppose that for n large, we have |C(t; -2-)| < 6 for all ¢ € [0,¢,7]. Then we obtain from
Gronwall’s inequality for nonlinear ODEs that

Ctn,T) < 2(t,T) = v(t,T) + Z.

Together with (A.30) and (A.31), we deduce that

0 1
limsupn'~7C <tnT; ) <limsupn' =T (v(t,T) + 2) =
an

n—00 n—00 o — 6 .
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A similar argument leads to

1
liminf n!=TC (tnT; 9) > 6.
n—00 an (M“'ﬁ

Hence the proof of (A.27) is complete if we can verify that [C(t; £)| < & for all ¢ €

[0,¢,T]. Similarly as before, this can be done using the facts that |g(z)| < nz for x small
and applying Gronwall’s inequality to obtain the following bound on the function C"

9 ] ¢
‘C (t; >‘ < ‘C <0; )‘ : <1 +5/ e<5a>5ds) celam Bt et for ¢ e [0, dy].
no no 0

where d, = sup{t > 0: |C(t; £)] <4, for all s <t}. In addition, the proof of (A.28)
follows similarly as for the proof of (A.26). The proof is complete after applying the
Gaértner-Ellis Theorem. O

A.4. Proofs of results in Section 2.3.3

Proof of Theorem 7. We apply Gartner-Ellis theorem. The key idea is to study asymp-
totic behavior of the solutions of the ODEs (4.4) and (4.5) that characterize the moment
generating function of V;.

Recall from (4.6) that for Zy = n, we have

1 log E[e?N7] = C <nT; 0) 0 + lD <nT; 0) , (A.32)
n a a n a

with initial condition C(0; g) = g and D(0; g) = 0. Hence to study the limit of (A.32)
as n — oo and then apply Gartner-Ellis theorem, we need to look at the asymptotic
behavior of the ODE solutions C' and D as t — co.

To this end, let

0
F(z):=—-fx+e*™ -1+ —B
a
Then Equation (4.4) becomes C'(t; %) = F(C’(t;g)). It is clear that F' is a convex

function and F(+o00) = co. In addition, F(x) achieves its minimum at z = élogg at
which F’(x) = 0 and

1 0
F <log5> = —élogéJré 71+£.
a Ca a Ta o« a
Thus, min, F(z) < 0 if and only if § < 6. := % — log% — 1. When 6 < 6., since a < 3,
one readily verifies that F/(C(0; £)) < 0. Hence the ODE solution C(t; £) converges to

the smaller solution z*(6) of the equation

0
F(I)Z*ﬂSE#’GaI*l#’g:O,
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as t — oo. Note from (4.4) and (4.5) we have

p(52) = (e (62) e (08)) oui [ (=) a2 asy

Therefore, %;%) — pfx*(0) — % as t — oo and for any 6 < 0.,
1 0 0 1 0
lim —logE[e®M7] = lim [C’ <nT; > —-—+-D (nT; )]
n—oo N n—00 o o n (0%
0 0
- v (m*(e) - “5) T,
o o
and lim,,_y oo %log E[e?NnT] = 400 otherwise. For 6 = 0., we get —[x*(6,) + e (0c) _

glog% — g = 0, which implies that z*(6.) = W. By differentiating the equation
—Bz*(0) + e () —1 4 % = 0 with respect to 0, we get

d (8/c)

@x(e):m%oo, as 6 — 0.
Thus, we verified the essential smoothness condition. By Géartner-Ellis theorem, P( N;;T €
-) satisfies a large deviation principle with the rate function
0 0
I(x) = sup {03: +——2z%(0) — (,uﬂx*(@) - M) T} . (A.34)
feR « «

We next solve the optimization problem in (A.34) and simplify the rate function above.
At the optimal 6 in (A.34), we have

d oad us

5 (OT + =T =0,

which implies that
d o _ Tt s

%) = A.
" 1+ pBT (A.35)
Recall that z*(0) satisfies
. 0
—Bx*(0) + e O _1 4 ;ﬁ =0. (A.36)
Differentiating with respect to 6, we get
d * d * az™ ﬁ _
fﬂ@x 0) + a—5e (0)e*® + 0= 0. (A.37)
Plugging (A.35) into (A.37), we get
1 Bx
*(0) = —1 —_— . A.
z"(6) a0g<aﬂc+1+uﬁT> (A.38)
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Plugging this into (A.36), we get the optimal 6 in (A.34) is given by

Bx ar «
0=1 — - A.
Og(ax+1+uﬁT> ax+1—|—uBT+B (A.39)

Finally, substituting (A.38) and (A.39) into (A.34), we get

Bx _m+am+1+,uBT
ax + 1+ ppT B8 '

The proof is therefore complete. O

I(z) = zlog (

Proof of Theorem 9. The proof is similar to that of Theorem 7, so we only provide a
sketch. From the proof of Theorem 7, we have

E [eGNtnT] _ efgnecunT;g)HD(tnT;g)

9

where for § < 0, := % — log% =1, limp 00 C (¢, T g) = 2*(0), the smaller solution to
the equation —f8z + e** — 1 + % = 0. In addition, we infer from (A.33) that

0 0 0 tnT 9 9
D (tnT; ) =u (C’ (tnT; ) — ) + ,LL,B/ C (s; ) ds — MtnT.
« o o 0 «o «o

Therefore, if lim,,_, %" =0, we have for < 6.,

lim LlogE 7] = lim {C (tnT; 9) 0l (tnT; 9>]
n—oo n n— 00 o o n o
0
— _— * 9
S T (0),

In
n

+1I)<%1¥0)]
tn «@

and lim, o0 ti logE [e ] = oo otherwise. We can also check that d%x*(@) — 00 as
0 — 0.. Therefore, by Gartner-Ellis theorem and following the proof of Theorem 7, we
have proved the desired results. O

and lim,, %logE [eeNtnT] = oo otherwise. Similarly, if lim,,_, ., ¥ = oo, we have for

0 <6,

1
lim —logE [eeNtnT] = lim [n . (C <tnT; 9) — 0)
n—oo n—oo |t o «

w7 ~ P,

ON¢, T

Proof of Theorem 10. The proof is similar as the proof of Theorem 6, so we only
provide a sketch. From (4.1) we have

E [e%z‘”ﬂzo = n} = AU Tizr)nt B(inTisky)

imsart-bj ver. 2014/10/16 file: Bernoulli_LDP_Gao_Zhu_accept.tex date: April 12, 2017



48 Gao and Zhu

Similar as in the proof of Theorem 6, we can show that
lim —— logEew %n7|Zy = ] = 0
Jim 5 7 log Elen o=mn]=0.

The result then follows from Gartner-Ellis theorem. O
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